Prediction of brain age using resting-state functional connectivity reveals accelerated aging
In the preclinical phase of autosomal dominant Alzheimer’s disease, irrespectively of amyloid pathology
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Resting-state functional magnetic resonance imaging (rsfMRI) scans were collected in 1,350
cognitively normal participants from 18 to 94 years old provided by the DIAN, PREVENT-AD, Cam-CAN,

ADNI, and ICBM cohorts to train and test a “Brain Age” predictive model. Model performance — Brain Age prediction against actual age across data sets Brain Age prediction across groups

(test set)

Cohorts
i Dominantly Inherited Alzheimer Network is a multisite longitudinal study which enrolls individuals aged 18
DIAN and older who have a biological parent that carry a genetic mutation responsible for autosomal dominant AD

Dominantly Inherited

Aizheimer Network (ADAD). Cognitively normal mutation carriers and noncarriers were included in the present study.

Prediction adjustment
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_ Pre-symptomatic Evaluation of Experimental or Novel Treatments for Alzheimer’s Disease is a monocentric
PREVENI-AD longitudinal cohort which includes cognitively normal older individuals aged 55 and older with a family history
esearc roup .
of sporadic AD.

(-]
o4

(2]

s
(<]
q

S
q

Predicted Age (years) -
Adjusted
N
q

Cambridge Centre for Ageing and Neuroscience is a large-scale monocentric research project including
cognitively normal individuals aged 18 to 88 years old.
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Alzheimer’s Disease Neuroimaging Initiative is a multisite longitudinal study which enrolls cognitively normal DIAN mutation noncarriers
DIAN mutation carriers

and impaired older individuals. Only cognitively normal older adults were included in the present study. % o DIAN
S R?2=-.49 / R2=-.23 CamCAN

rmse = 13.84 rmse = 16.88 ® ADNI

Predicted Age (years) - Adjusted

International Consortium for Brain Mapping is a multisite study. Cognitively normal individuals aged 19 to 85
form the Montreal’s site archived in the 1000 Functional Connectomes Project’s repository were included in

the present study.
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Resting-state functional MRI (rsfMRlI)
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Different from mutation noncarriers at {p<.10, *p<.05, **p<.001; Different from mutation carriers A8- at fp<.05, 7L7Lp<. 001, ns: not significant
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